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2 Diabetes
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Search terms: Baidiases:
(Al-base:ngywords) Pubmed, Scopus, BioRxiv

(Drug response-based (Search period:

keywords) 2017-2023)
A
Studies retrieved
n=16,830
Titles or abstracts screened
A 4 v A 4
First filter: Second filter. Third filter:

Keywords based on Keywords based on “arthritis” Systematic reviews on
. y 2 diabetes” OR “multiple sclerosis” OR y Kuvsanetiise
type LHADOIRS “cardiovasculardiseases’

n=132 n=1440 04

- Full texts reviewed Titles or abstracts Titles or abstracts
- References reviewed reviewed reviewed

A 4

Studies included Studies included Studies included
(A) n=11 (B) n=8 (C) n=5
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Table 1. Studies incorporating AT? to predict treatment response in type 2 diabetes using clinical trials or observational data_

Data type and Drmug treatment
number of (single or in
Reference Study objective patients (n) combination) Al methods Prediction outcome Performance
Taoetal [27] Machine learning Retrospective Metformin, Logistic Reach HbA ), target « ATIC
models to predict study sulfonylurea, regression, SGD', below 7% (ensemble
fasting blood 7160 thiazolidinediones, decision tree,
b 0= c d : I )>0 9
glucose and HbA . GLP-1°, DPP-4°, Gaunssian NBE,
after 3 months of SGLT2%, acarbose, QDAh, Bernoulli
treatment meghtimde, msulin =~ NB. LDAi,
Multinomial NB,
RFE_ Extra Tree,
passive aggres-
sive, AdaBoost,
begeing, GBME,
XGBoost,
ensemble learning
Berchiallaetal Machine learning Clinieal trials Metformin, Ensemble Reduction in HbAj, of « ATIC:
[24] models to predict n=385 sulfonylurea. DPP-4  algorithm (super  atleast 0.5% 0.92
treatment outcome inhibitors learner: GBM,
GLM™, RF.
MARS®, SVM°,
CARTF BARTHM
Sun et al [28] Effective treatment  Observational Metformin, Multivariate Odds of achieving +« (Odds
recommendations study sulfonylurea, logistic target HbA.<7% ratio: 1.73
usmg_l reinforcement =189 520 thiazolidinediones, re_g_ressmn, among concordant (95% CI
learning DPP-4, GLP-1, remnforcement compared to
SGLT2, acarbose learning nonconcordant group 1 69 o
(AGT), basal insulin, 1.76)

premuixed insulin
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